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ABSTRACT: The rapid adoption of generative artificial intelligence (GenAI), cloud computing, and distributed 

enterprise applications has created new opportunities for organizations to integrate heterogeneous data sources and 

transform them into secure, actionable knowledge. However, enterprise environments increasingly operate across on-

premises infrastructure, private clouds, public clouds, edge systems, and third-party platforms, creating significant 

challenges related to data interoperability, security, governance, privacy, scalability, and regulatory compliance. This 

study examines a GenAI-enabled enterprise data integration framework designed for hybrid cloud environments, with 

particular emphasis on secure knowledge processing. The proposed approach combines automated data discovery, 

semantic integration, retrieval-augmented generation, knowledge representation, identity-aware access control, 

encryption, data lineage, and continuous monitoring. The research adopts a design-oriented methodology incorporating 

qualitative analysis, architectural modelling, prototype development, and experimental evaluation. The framework is 

assessed using measures including integration accuracy, retrieval relevance, response reliability, processing latency, 

security effectiveness, and resource utilization. Particular attention is given to reducing hallucination risks and 

preventing unauthorized access to sensitive enterprise information. The study argues that GenAI can enhance enterprise 

integration by automating schema interpretation, metadata generation, semantic mapping, and knowledge retrieval, 

provided that these capabilities are supported by strong governance and security controls. The resulting framework 

offers a structured foundation for secure, scalable, and context-aware knowledge processing across hybrid cloud 

infrastructures. 
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I. INTRODUCTION 

 

Enterprise organizations increasingly depend on data generated by business applications, databases, Internet of Things 

devices, customer platforms, enterprise resource planning systems, document repositories, analytical platforms, and 

external information services. The distribution of these resources across on-premises infrastructure and multiple cloud 

environments has created highly heterogeneous information ecosystems. Hybrid cloud architectures provide 

organizations with flexibility to retain sensitive workloads in controlled environments while using public-cloud 

resources for scalability and advanced computational capabilities. However, this flexibility also increases the 

complexity of enterprise data integration because information is stored in different formats, governed by different 

access policies, and represented using different schemas and semantic structures. Traditional integration approaches 

based primarily on manually configured extraction, transformation, and loading processes can become difficult to 

maintain as data volumes, sources, and business requirements expand. 

 

Generative AI provides a potential mechanism for addressing several limitations of conventional integration systems. 

Large language models can interpret natural-language descriptions, identify relationships between heterogeneous 

datasets, generate transformation logic, summarize enterprise documents, and support semantic retrieval. When 

combined with retrieval-augmented generation, knowledge graphs, metadata repositories, and conventional integration 

technologies, GenAI can provide context-aware access to distributed organizational knowledge. Nevertheless, 

introducing generative models into enterprise environments also creates substantial security and governance concerns. 

Sensitive information may be exposed during processing, generated responses may contain inaccurate information, and 

insufficiently controlled retrieval mechanisms may allow users to access information beyond their authorization. 
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Prompt injection, data leakage, model manipulation, and inadequate auditability further complicate the deployment of 

GenAI for enterprise knowledge processing. 

 

The central concern of this research is therefore not simply how GenAI can integrate enterprise data, but how it can 

perform this integration while preserving confidentiality, integrity, availability, provenance, and access control across 

hybrid cloud environments. The study proposes a secure integration perspective in which GenAI functions as an 

intelligent layer over established data-management and security mechanisms rather than replacing them. The research 

investigates how automated semantic mapping, metadata interpretation, retrieval, knowledge representation, and 

controlled generation can be combined with encryption, identity and access management, policy enforcement, data 

classification, lineage tracking, and continuous monitoring. By examining these components collectively, the study 

seeks to establish a conceptual and technically implementable framework for secure knowledge processing. The 

intended contribution is a structured methodology for evaluating whether GenAI-enabled integration can improve 

interoperability and knowledge accessibility without weakening enterprise security and governance requirements. 

 

II. LITERATURE REVIEW 

 

Enterprise data integration has traditionally focused on combining information from heterogeneous databases, 

applications, files, and analytical systems into unified operational or analytical environments. Established approaches 

include extract-transform-load pipelines, enterprise service buses, data warehouses, data lakes, and more recent data 

fabric and data mesh architectures. These approaches address structural interoperability through schema mapping, 

transformation, metadata management, and workflow orchestration. However, the increasing volume and diversity of 

enterprise information have exposed limitations associated with manual schema mapping and rule-based 

transformation. GenAI introduces an additional semantic capability because language models can interpret descriptions 

of data elements and identify contextual relationships among seemingly different representations. Research on large 

language models has demonstrated their ability to process natural language and perform a range of knowledge-oriented 

tasks, while research on retrieval-augmented generation has proposed mechanisms for grounding generated responses 

in external information sources. Retrieval augmentation is particularly relevant to enterprise integration because 

organizational knowledge frequently changes and cannot be reliably represented solely through a model's internal 

parameters. By connecting generation with enterprise repositories, organizations can provide models with current and 

context-specific information. Nevertheless, retrieved information must be filtered according to authorization, 

provenance, sensitivity, and business context. 

 

Hybrid cloud computing provides another important foundation for the proposed research. Hybrid architectures 

combine private infrastructure with public-cloud resources and are commonly used when organizations require both 

control over sensitive workloads and scalable computational services. Such environments create integration 

requirements across different networks, storage systems, identity domains, and security policies. Cloud security 

research emphasizes the importance of identity and access management, encryption, monitoring, secure interfaces, and 

governance mechanisms. For GenAI-enabled systems, these requirements become more complex because models may 

interact with numerous repositories and may process information that has different confidentiality classifications. Zero-

trust security principles are therefore relevant because access should be continuously evaluated rather than 

automatically trusted based on network location. Data lineage and provenance are similarly important for knowledge 

processing because users need to understand where retrieved information originated and how it was transformed. 

Knowledge graphs can complement language models by representing entities and relationships explicitly, enabling 

more structured retrieval and potentially improving contextual reasoning. Together, retrieval-augmented generation, 

knowledge graphs, metadata management, and policy-aware access mechanisms provide a foundation for connecting 

GenAI with enterprise data while maintaining greater control over information flows. 

 

Despite substantial progress, existing research reveals several unresolved issues. First, GenAI-based integration can 

produce plausible but incorrect transformations or interpretations, making validation essential. Second, security 

mechanisms designed for conventional applications may not adequately address prompt injection, unauthorized 

retrieval, model-mediated information leakage, or malicious content embedded in enterprise documents. Third, 

organizations require mechanisms for tracing generated knowledge back to authoritative sources, particularly when 

decisions depend on integrated information. Fourth, hybrid cloud deployment introduces performance and latency 

considerations because sensitive processing may remain on private infrastructure while computationally intensive 

workloads are transferred to public-cloud resources. Existing research frequently examines AI, cloud integration, 

security, or knowledge retrieval independently, whereas fewer approaches treat these components as an integrated 
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enterprise architecture. This study addresses that gap by developing and evaluating a framework in which GenAI-based 

semantic integration operates within explicit security, governance, provenance, and access-control boundaries. The 

research consequently treats secure knowledge processing as a combined integration and governance problem rather 

than solely an AI-generation problem. 

 

III. RESEARCH METHODOLOGY 

 

This research adopts a design-oriented and mixed-method methodology to develop and evaluate a Generative AI-

enabled enterprise data integration framework for secure knowledge processing in hybrid cloud environments. The 

research begins with a structured analysis of enterprise integration requirements, security requirements, and GenAI 

capabilities. The study considers a representative hybrid enterprise architecture containing heterogeneous data sources 

distributed across on-premises databases, private-cloud repositories, public-cloud storage, structured enterprise 

applications, and unstructured document collections. The first stage involves identifying the characteristics of these 

sources, including data format, schema structure, volume, sensitivity, update frequency, ownership, and access 

requirements. Structured data may include relational tables, JSON records, and application databases, while 

unstructured information may include reports, policies, contracts, technical documents, and organizational knowledge 

bases. A requirements matrix is developed to map each source category to integration, security, governance, and 

processing requirements. Data classification is incorporated into this stage to distinguish public, internal, confidential, 

and highly sensitive information. The methodology also defines user roles and authorization boundaries so that 

subsequent retrieval and generation processes can be evaluated according to legitimate access rights. Based on this 

analysis, the proposed architecture is organized into data ingestion, preprocessing, metadata management, semantic 

integration, knowledge representation, retrieval, GenAI processing, security enforcement, and monitoring layers. The 

architecture is designed according to a defense-in-depth principle in which GenAI does not directly obtain unrestricted 

access to enterprise repositories. Instead, access occurs through controlled interfaces that enforce identity, 

authorization, data classification, and policy constraints. This architectural design provides the foundation for 

subsequent prototype implementation and experimental evaluation. 

 

 
 

Fig.1. Generative AI-Enabled Enterprise Data Integration in Hybrid Development 
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The second stage focuses on constructing the data integration and knowledge-processing pipeline. Data ingestion 

connectors are developed or configured to collect information from heterogeneous enterprise sources without requiring 

all information to be physically consolidated into a single repository. Metadata extraction is performed to identify 

attributes such as source system, schema, field descriptions, timestamps, ownership, sensitivity classification, and 

lineage information. Where appropriate, GenAI is used to assist with semantic schema matching by interpreting field 

names, descriptions, sample values, and domain terminology. Candidate mappings generated by the model are 

subjected to deterministic validation rules and, where necessary, human review. This combination is important because 

automatically generated mappings can contain semantic errors even when their linguistic interpretation appears 

reasonable. The normalized metadata is then incorporated into a knowledge layer consisting of a metadata catalog and, 

where suitable, a knowledge graph representing entities, relationships, and source provenance. Unstructured documents 

are processed through controlled ingestion, chunking, embedding, and indexing procedures to support retrieval. A 

retrieval-augmented generation pipeline is subsequently implemented so that user queries are first interpreted, relevant 

authorized information is retrieved, and only the retrieved context permitted by the user's security policy is supplied to 

the generative model. Access-control enforcement occurs before retrieval rather than relying exclusively on the 

language model to decide whether information should be disclosed. The system also records source identifiers and 

lineage metadata associated with retrieved information, allowing generated responses to be linked to their underlying 

evidence. Prompt templates are designed to instruct the model to distinguish retrieved evidence from generated 

interpretation and to avoid fabricating unsupported information. Where the application requires structured outputs, 

validation rules are introduced to verify generated schemas, formats, and business constraints. This stage therefore 

combines conventional integration mechanisms with GenAI capabilities while maintaining explicit boundaries between 

data storage, retrieval, authorization, and generation. 

 

The third stage evaluates the security characteristics of the proposed framework using controlled experimental 

scenarios. A prototype hybrid environment is established to represent the interaction between private and public 

infrastructure. Multiple datasets with different sensitivity levels are prepared, together with user accounts representing 

different organizational roles. Test cases are designed to evaluate legitimate retrieval, unauthorized retrieval attempts, 

cross-domain access, sensitive-information exposure, malicious prompts, prompt injection, inaccurate source 

interpretation, and unsupported generation. Security effectiveness is examined by measuring whether users receive only 

information consistent with their assigned authorization policies. Data confidentiality is assessed through controlled 

attempts to retrieve restricted records, while integrity is examined by testing whether transformations and generated 

responses preserve validated source information. Provenance is evaluated by determining whether generated answers 

can be traced to identifiable enterprise sources. The methodology also examines the effect of security controls on 

system performance by measuring retrieval latency, generation latency, throughput, and resource consumption. AI-

related performance is evaluated using metrics such as semantic mapping accuracy, retrieval precision, retrieval recall, 

grounded-response rate, and hallucination frequency. Human evaluation is incorporated for tasks where automated 

metrics are insufficient, particularly for semantic correctness and usefulness of generated responses. Domain experts 

assess a sample of mappings and responses using predefined criteria concerning factual consistency, contextual 

relevance, completeness, and adherence to enterprise terminology. Inter-rater agreement is calculated where multiple 

evaluators independently assess outputs. Experimental results are compared across different configurations, including 

conventional integration without GenAI, GenAI-assisted integration without retrieval controls, and the proposed 

security-aware GenAI architecture. This comparative design allows the study to identify the contribution of individual 

components rather than attributing all improvements to generative AI. Repeated experiments are conducted using 

equivalent workloads to reduce the influence of random variation in model outputs and infrastructure performance. 

 

The fourth stage involves analysis, validation, and refinement of the proposed framework. Quantitative results from the 

experimental evaluation are analyzed using descriptive statistics, including mean, median, standard deviation, error 

rates, and percentage improvement where appropriate. Security incidents are categorized according to their type, 

severity, source, and whether the implemented controls successfully prevented or detected them. AI-generated outputs 

are examined for hallucination, incomplete retrieval, semantic mismatch, and unauthorized disclosure. Qualitative 

feedback from domain experts is analyzed thematically to identify usability issues, governance requirements, and 

practical barriers to enterprise adoption. The research also conducts sensitivity analysis to determine how factors such 

as dataset size, query complexity, retrieval depth, model configuration, and security-policy complexity affect system 

performance. Reliability is examined through repeated trials, while validity is strengthened through the use of multiple 

evaluation dimensions rather than relying on a single accuracy measure. The final framework is refined according to 

the identified weaknesses, with particular emphasis on maintaining an appropriate balance between security and 

operational efficiency. The methodology recognizes that highly restrictive controls may reduce information 
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accessibility and increase processing latency, whereas insufficient controls may create unacceptable security exposure. 

Consequently, the evaluation considers security, accuracy, relevance, latency, scalability, and governance as 

interconnected dimensions. Ethical considerations include protection of confidential information, minimization of 

unnecessary data exposure, controlled use of enterprise records, transparent provenance, and avoidance of decisions 

based solely on unverified model outputs. The final outcome is a validated conceptual and prototype-oriented 

framework demonstrating how GenAI can be incorporated into hybrid-cloud enterprise integration while preserving 

explicit security and governance boundaries. The methodology provides a repeatable basis for future research involving 

larger datasets, additional cloud providers, domain-specific language models, federated data environments, and real-

world enterprise deployments. 

 

IV. RESULTS AND DISCUSSION 

 

The implementation of a Generative AI-enabled enterprise data integration framework for hybrid cloud environments 

demonstrated that combining generative artificial intelligence, cloud-based integration services, metadata management, 

and security controls can improve the efficiency of knowledge processing across heterogeneous enterprise data sources. 

The experimental framework considered structured, semi-structured, and unstructured information originating from 

relational databases, cloud repositories, enterprise applications, APIs, documents, and on-premises systems. The 

integration layer provided mechanisms for data ingestion, transformation, schema alignment, metadata extraction, and 

secure movement between on-premises and cloud environments. Generative AI was incorporated to assist with tasks 

such as semantic mapping, data classification, query generation, metadata enrichment, document summarization, and 

knowledge extraction. Compared with a conventional rule-based integration approach, the AI-enabled approach 

reduced the amount of manually defined mapping logic required when data sources used different field names, formats, 

or semantic representations. This was particularly useful for unstructured and semi-structured data, where traditional 

integration techniques often require extensive preprocessing. The results indicate that generative AI can function as an 

intelligent integration layer rather than merely as a conversational interface. By interpreting the semantic relationships 

between data elements, the model was able to support the identification of equivalent attributes and relationships across 

heterogeneous systems. For example, customer-related information represented using different naming conventions 

could be associated through semantic interpretation rather than relying exclusively on exact field-name matching. This 

capability improved interoperability and supported the creation of a more unified enterprise knowledge representation. 

However, the results also showed that AI-generated mappings should not automatically be considered authoritative. 

Human validation remained important for ambiguous fields, sensitive information, and business-critical 

transformations. Consequently, the findings support a human-in-the-loop integration model in which generative AI 

accelerates integration activities while governance mechanisms retain control over high-impact decisions. 

 

A second important result concerned the security and privacy of knowledge processing in hybrid cloud environments. 

The proposed framework demonstrated the importance of distributing data-processing responsibilities according to 

sensitivity, regulatory requirements, and computational needs rather than moving all enterprise information into a 

single cloud environment. Sensitive datasets could remain within controlled on-premises infrastructure, while less 

sensitive workloads and computationally intensive generative AI services could be executed in cloud environments. 

This architecture provides a practical mechanism for balancing scalability with data sovereignty. Security controls 

incorporated into the integration process included identity and access management, role-based authorization, encryption 

during transmission and storage, audit logging, data classification, and controlled access to AI services. Data 

minimization was also significant because generative AI systems do not necessarily require unrestricted access to 

complete enterprise datasets. Restricting model access to the minimum information required for a specific task reduces 

the potential consequences of unauthorized access or inappropriate data exposure. The results further highlighted the 

importance of prompt and context governance. When enterprise information is supplied to a generative AI model, the 

surrounding context can influence the generated response; therefore, retrieval mechanisms, access policies, and 

contextual filtering must be applied before information reaches the model. Retrieval-augmented generation can provide 

an additional control mechanism by retrieving approved enterprise information from governed repositories rather than 

relying entirely on information encoded in the model's parameters. Nevertheless, the evaluation revealed several 

challenges, including hallucinated content, inconsistent responses, semantic ambiguity, and the possibility of exposing 

sensitive information through generated outputs. These findings indicate that security cannot be treated as an external 

feature added after AI deployment. Instead, security, privacy, access control, monitoring, and validation need to be 

integrated into the complete data-processing pipeline. In particular, generated outputs should be evaluated according to 

their source provenance and confidence before they are incorporated into enterprise knowledge repositories or used for 

automated decision support. 
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The third major result relates to operational efficiency, knowledge accessibility, and scalability. Generative AI reduced 

the effort associated with repetitive data-engineering and knowledge-processing activities by automating or assisting 

with schema interpretation, transformation suggestions, documentation, natural-language querying, and knowledge 

summarization. This can be particularly valuable in large enterprises where data is distributed across multiple business 

units and technology platforms. Instead of requiring users to understand the technical structure of every underlying 

repository, a semantic AI layer can provide a more accessible interaction mechanism through natural-language queries. 

The integration framework also demonstrated that hybrid cloud architectures can provide scalability by dynamically 

allocating processing workloads between local and cloud resources. Computationally intensive tasks, such as large-

scale document processing or embedding generation, can be assigned to cloud infrastructure when organizational 

policies permit, while sensitive processing can remain within private infrastructure. This flexible distribution can 

improve resource utilization and reduce the need for organizations to maintain excessive local computational capacity. 

At the same time, the results identified latency and infrastructure complexity as important considerations. Data 

movement between on-premises and cloud systems can introduce network delays, and repeated model requests can 

increase computational and operational costs. Model inference latency may also become significant when large 

documents or extensive contextual information are processed. Therefore, architectural optimization is required to 

determine which information should be processed locally, which workloads should be transferred to the cloud, and 

which information should be cached or indexed. The results also emphasize that integration quality should not be 

measured solely through processing speed. Data accuracy, provenance, security compliance, explainability, and 

maintainability are equally important. A system that processes information rapidly but introduces incorrect mappings or 

unverifiable knowledge can create substantial organizational risk. Overall, the findings indicate that generative AI can 

enhance hybrid-cloud enterprise integration when it is deployed as part of a governed architecture combining 

automated intelligence with deterministic integration controls. The most significant benefit is therefore not complete 

automation, but the ability to augment existing data-integration processes with semantic understanding while retaining 

organizational oversight. 

 

VI. CONCLUSION 

 

This study examined the application of Generative AI-enabled enterprise data integration in hybrid cloud environments 

for secure knowledge processing. The findings demonstrate that generative AI can provide substantial functionality 

beyond conventional data-integration approaches by interpreting semantic relationships among heterogeneous 

enterprise information sources. Traditional integration systems generally depend on predefined schemas, transformation 

rules, mappings, and manually maintained interfaces. Although these mechanisms remain essential for deterministic 

and mission-critical processing, they become increasingly difficult to maintain when organizations operate large 

numbers of databases, cloud applications, documents, APIs, and legacy systems. Generative AI introduces an adaptive 

layer capable of assisting with schema matching, metadata generation, document understanding, semantic 

transformation, natural-language interaction, and knowledge extraction. The study therefore establishes that generative 

AI can complement established integration technologies by reducing manual effort and improving the accessibility of 

distributed organizational knowledge. However, the results also make clear that AI should not replace deterministic 

controls in critical integration pipelines. AI-generated mappings, transformations, and summaries can contain errors or 

unsupported information, making validation and provenance essential. A hybrid approach combining AI-assisted 

processing with conventional rules, validation mechanisms, and human oversight provides a more controlled 

foundation for enterprise knowledge processing. Such an approach allows organizations to benefit from the flexibility 

of generative models without transferring complete authority over enterprise data operations to an AI system. 

 

The study further concludes that security and governance are central architectural requirements for generative AI 

integration in hybrid cloud environments. Enterprise information frequently contains confidential, personal, financial, 

intellectual-property, and operational data, and unrestricted movement of such information between local systems, 

cloud services, and AI models can create significant security and compliance challenges. The proposed architecture 

demonstrates that data classification, identity management, encryption, authorization, provenance tracking, monitoring, 

and controlled model access can be incorporated into the integration lifecycle. Keeping highly sensitive processing 

within controlled infrastructure while using cloud resources for approved workloads provides a mechanism for 

balancing security with scalability. Similarly, retrieval-based knowledge processing can constrain AI responses to 

authorized enterprise information and improve traceability. The overall conclusion is that successful generative AI 

adoption depends less on the model alone and more on the surrounding architecture, governance framework, and 

operational controls. Organizations should therefore view generative AI as one component of a broader secure 
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knowledge-processing ecosystem. Future implementations should establish measurable controls for accuracy, 

hallucination detection, data leakage prevention, model monitoring, and compliance auditing. The study ultimately 

indicates that a secure hybrid-cloud architecture can provide a practical foundation for integrating generative AI with 

enterprise data systems, enabling more intelligent and accessible knowledge processing while maintaining 

organizational control. The long-term value of such systems will depend on achieving an appropriate balance between 

automation, scalability, security, transparency, and human supervision. 

 

VI. FUTURE WORK 

 

Future research can extend this work by developing adaptive and domain-specific generative AI integration 

architectures capable of continuously learning from changing enterprise data environments. Enterprise schemas, 

applications, policies, and business processes evolve over time, meaning that static integration mappings may become 

obsolete. Future systems could employ AI agents to identify schema changes, detect broken pipelines, recommend 

transformation updates, and automatically generate integration documentation while requiring approval before 

implementing high-risk modifications. Research could also investigate smaller domain-specific language models and 

hybrid model architectures that can operate closer to sensitive enterprise data, thereby reducing dependence on external 

cloud-based model providers. Further investigation into retrieval-augmented generation, knowledge graphs, vector 

databases, and multimodal data processing could improve the integration of structured records with documents, images, 

technical reports, and other enterprise information. Another important research direction is the development of 

standardized evaluation frameworks that simultaneously measure integration accuracy, semantic consistency, latency, 

computational cost, privacy, security, and explainability. Such benchmarks would enable organizations to compare 

different AI-enabled integration architectures using consistent criteria rather than evaluating model performance alone. 

 

Future work should also concentrate on trustworthy autonomous knowledge processing and continuous security 

assurance. Advanced systems could incorporate real-time anomaly detection to identify unusual data-access patterns, 

prompt-injection attempts, unauthorized retrieval requests, and potentially harmful generated outputs. Provenance-

aware generation could allow each generated knowledge item to be linked to its underlying enterprise sources, 

transformation history, model version, and access permissions. This would improve auditability and make it easier for 

administrators to verify how information was produced. Research should additionally examine privacy-preserving 

approaches such as confidential computing, federated learning, selective data masking, and privacy-aware retrieval 

mechanisms for situations where sensitive information cannot be centrally processed. Large-scale longitudinal studies 

involving different industries could provide further evidence concerning operational costs, scalability, governance 

requirements, and user acceptance. Finally, future architectures could investigate agentic AI systems capable of 

coordinating multiple integration and knowledge-processing tasks while operating within explicit authorization 

boundaries. Such systems should incorporate approval workflows and fail-safe mechanisms so that autonomous actions 

remain accountable and reversible. These developments could move enterprise integration from predominantly rule-

driven pipelines toward intelligent, adaptive, and continuously governed knowledge infrastructures while preserving 

the security and organizational controls required for enterprise environments. 

 

REFERENCES 
 

1. Kharratzadeh, M., & others. (2021). Achieving security and privacy in federated learning systems: Survey, 

research challenges and future directions. Engineering Applications of Artificial Intelligence, 106, 104468. 

https://doi.org/10.1016/j.engappai.2021.104468 

2. Badam, L. R. (2023). AI-driven real-time cyberattack detection for critical financial infrastructure. International 

Journal of Science, Research and Technology (IJSRAT), 6(4), 10374–10383.  

3. Ramasamy, M. (2022). A reference architecture for AI-driven network assurance in large-scale enterprise 

networks. International Journal of Engineering & Extended Technologies Research (IJEETR), 4(1), 4336–4346.  

4. Bhattacharjee, B., Khan, M. A. N., Enayet, M. A., Gazi, M. S., Tasnim, M., Jakir, T., ... & Himeluzzaman, M. 

(2021). Adversarial Machine Learning and Cognitive AI for Autonomous Defense against Advanced Cyber 

Threats. International Journal of Computer Technology and Electronics Communication, 4(6), 4327-4337.  

5. Koganti, H. (2021). Machine learning-driven performance anomaly detection and auto-tuning in distributed Java 

full-stack systems: A comprehensive review. International Journal of Research Publications in Engineering, 

Technology and Management, 4(3), 4977–4986.  

6. Matrouk, K., V, S., Kumar, S., Bhadla, M. K., Sabirov, M., & Saadh, M. J. (2023). Deep Learning–based Dynamic 

User Alignment in Social Networks. ACM Journal of Data and Information Quality, 15(3), 1-26.  

https://doi.org/10.1016/j.engappai.2021.104468


International Journal of Emerging Trends in Engineering and Management Research (IJETEMR)       

                                      |ISSN: 2455-7773 | www.ijetemr.com| A Double-Blind Peer-Reviewed and Bimonthly Scholarly Journal| 

     |Volume 8, Issue 6, November-December 2023| 

   DOI:10.15662/ijetemr.2023.0806007 

IJETEMR©2023                                                                                  |   An ISO 9001:2008 Certified Journal   |                                                                          14744 

 

     

7. Polamarasetty, V. K. (2022). Enterprise SAP application modernization for post-acquisition business 

transformation. International Journal of Science, Research and Technology, 5(3), 7777-7783.  

8. Selvarajan, K. (2022). Cloud-native architectures for high-throughput distributed data processing. International 

Journal of Emerging Trends in Engineering and Management Research (IJETEMR), 7(5), 12538–12548.  

9. Venkatasalam, K., Rajendran, P., & Thangavel, M. (2019). Improving the accuracy of feature selection in big data 

mining using accelerated flower pollination (AFP) algorithm. Journal of medical systems, 43(4), 96.  

10. Neela, S. (2022). Semantic Interoperability in Real-Time Enterprise Integration Using Middleware Abstractions. 

American International Journal of Computer Science and Technology, 4(6), 56-66.  

11. Kavuru, R. R., & Balaji, R. (2023). Extending the service mesh into a compliance enforcement fabric: A policy-

aware architecture for regulated financial platforms. International Journal of Emerging Trends in Engineering and 

Management Research, 8(3), 13612–13618.  

12. Yadavalli, V. R. (2022). Continuous trust scoring for cross-layer access governance in S/4HANA, Fiori, and SAP 

BTP. International Journal of Engineering & Extended Technologies Research, 4(1), 4347–4357.  

13. Punithavathi, R., Selvi, R. T., Latha, R., Kadiravan, G., Srikanth, V., & Shukla, N. K. (2022). Robust node 

localization with intrusion detection for wireless sensor networks. Intelligent Automation and Soft Computing, 

33(1), 143-156.  

14. Shalk, N. (2022). Beyond vendor lock-in: Building intelligent multi-cloud Kubernetes orchestration. International 

Research Journal of Innovative Engineering, 6(2), 9985–9996.  

15. Jayaraman, S., Rajendran, S., & P, S. P. (2019). Fuzzy c-means clustering and elliptic curve cryptography using 

privacy preserving in cloud. International Journal of Business Intelligence and Data Mining, 15(3), 273-287.  

16. Devineni, A., Pochincharla, S., & Muppalla, L. K. (2022). A telemetry-fusion framework for proactive incident 

detection in multi-tenant financial cloud platforms. International Journal of Advances in Signal and Image 

Sciences, 13–18.  

17. Tarigoppula, S. (2022). Zero-trust security architecture for hybrid enterprise cloud environments using AWS native 

services. International Research Journal of Innovative Engineering, 6(6), 11433–11444.  

18. Sudhan, S. K. H. H., & Kumar, S. S. (2016). Gallant Use of Cloud by a Novel Framework of Encrypted Biometric 

Authentication and Multi Level Data Protection. Indian Journal of Science and Technology, 9, 44.  

19. Basavala, S. R. (2021). Threat modeling and security requirements specifications for enterprise application 

development. International Research Journal of Innovative Engineering, 5(1), 7498–7508.  

20. Roy, S., & Sen, A. (2020, September). Identification of the K-most Vulnerable Entities in a Smart Grid System. In 

2020 3rd International Conference on Advanced Communication Technologies and Networking (CommNet) (pp. 

1-6). IEEE.  

21. Chinnam, N. B. (2022). Engineering real-time supply chain visibility and ETA intelligence platforms for large-

scale retail distribution networks. International Journal of Research Publications in Engineering, Technology and 

Management (IJRPETM), 5(6), 7918–7922.  

22. Vimal Raja, G. (2022). Leveraging machine learning for real-time short-term snowfall forecasting using 

multisource atmospheric and terrain data integration. International Journal of Multidisciplinary Research in 

Science, Engineering and Technology, 5(8), 1336-1339.  

23. Bitragunta, S. L. V. (2022, November 20). High level modeling of high-voltage gallium nitride (GaN) power 

devices for sophisticated power electronics applications. Journal of Artificial Intelligence, Machine Learning and 

Data Science, 1(1), 2011–2015.  

24. Raja, G. V., & Mali, R. K. (2021). Federated learning frameworks for privacy-preserving artificial intelligence 

applications. International Journal of Research Publications in Engineering, Technology and Management 

(IJRPETM), 4(3), 4946-4950.  

25. Mathew, A. (2021). Artificial intelligence and cognitive computing for 6G communications & networks. 

International Journal of Computer Science and Mobile Computing, 10(3), 26-31.  

26. Reddy, K. V. (2022). Power-aware verification closure using AI-enhanced UVM and dynamic voltage and 

frequency scaling models. International Research Journal of Innovative Engineering, 6(4), 10720–10732.  

27. Soundappan, S. J. (2021). Integrated Artificial Intelligence Framework for Enterprise Cloud Modernization and 

Intelligent Threat Management Systems. International Journal of Research Publications in Engineering, 

Technology and Management (IJRPETM), 4(4), 5274-5284.  

28. Sugumar, R. (2021). Generative AI Pipelines for Safety Validation of Autonomous Driving Models. International 

Journal of Advanced Research in Computer Science & Technology (IJARCST), 4(5), 5466-5469.  

29. RamMohan Reddy Kundavaram. (2019). Utilizing AI and machine learning in cloud systems for advanced 

automation. Economic Sciences, 15(1), 28–38. https://doi.org/10.69889/4tx3gc35  

https://doi.org/10.69889/4tx3gc35


International Journal of Emerging Trends in Engineering and Management Research (IJETEMR)       

                                      |ISSN: 2455-7773 | www.ijetemr.com| A Double-Blind Peer-Reviewed and Bimonthly Scholarly Journal| 

     |Volume 8, Issue 6, November-December 2023| 

   DOI:10.15662/ijetemr.2023.0806007 

IJETEMR©2023                                                                                  |   An ISO 9001:2008 Certified Journal   |                                                                          14745 

 

     

30. Bellundagi, M. (2023). Integrating Machine Learning with Business Rule Management Systems for Adaptive 

Enterprise. International Journal of Research Publications in Engineering, Technology and Management 

(IJRPETM), 6(1), 8023-8039.  

31. Bhattacharjee, B., Khan, M. A. N., Enayet, M. A., Gazi, M. S., Tasnim, M., Jakir, T., ... & Himeluzzaman, M. 

(2021). Adversarial Machine Learning and Cognitive AI for Autonomous Defense against Advanced Cyber 

Threats. International Journal of Computer Technology and Electronics Communication, 4(6), 4327-4337.  

32. Uddandarao, D. P., & Mahajan, A. (2023). Counterfactual supply chain scenario analysis using causal Bayesian 

networks: A double machine learning approach to fulfillment center capacity allocation. International Journal of 

Advances in Signal and Image Sciences, 34-46. 

33. Mayuranathan, M., Saravanan, S. K., Muthusenthil, B., & Samydurai, A. (2022). An efficient optimal security 

system for intrusion detection in cloud computing environment using hybrid deep learning technique. Advances in 

Engineering Software, 173, 103236. https://doi.org/10.1016/j.advengsoft.2022.103236 

 

 


