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ABSTRACT: Modern corporate sustainability depends on an organization’s ability to process vast, unpredictable 

streams of data and convert them instantly into operational maneuvers. This paper explores the design, development, 

and deployment of Scalable Enterprise Ecosystems powered by Intelligent Cloud Computing and Artificial 

Intelligence-Driven Automation to deliver Real-Time Intelligence (RTI). Traditional legacy enterprise architectures are 

structurally unequipped to handle the high velocity and massive volume of data generated by modern digital footprints, 

leading to analytical latencies and fragmented operational silos. By embedding deep learning algorithms, event-driven 

microservices, and automated orchestration layers directly into elastic cloud environments, this framework presents a 

unified approach to continuous business intelligence. The proposed ecosystem enables autonomous decision-making 

loops that dynamically adapt to real-time telemetry, supply chain fluctuations, and shifting consumer behaviors. Special 

emphasis is placed on balancing horizontal scaling capabilities with strict data security, minimizing data pipeline 

latency, and optimizing cloud resource management through predictive auto-scaling engines. Ultimately, this research 

provides a definitive blueprint for structural engineers and enterprise architects seeking to dismantle institutional data 

delays, mitigate operational friction, and foster hyper-agile, self-correcting business models that thrive on immediate, 

data-driven execution. 
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I. INTRODUCTION 

 

The contemporary business landscape is defined by an exponential influx of data, forcing global enterprises to 

completely re-engineer the foundation of their operational frameworks. Legacy on-premise servers and localized 

database clusters, which once served as adequate repositories for structured corporate data, have become obsolete 

bottlenecks in an era dominated by continuous digital interactions. To survive, organizations must actively transition 

into unified, scalable enterprise ecosystems that view data not as a static historical record, but as a fluid, living asset. 

Intelligent cloud computing provides the indispensable infrastructure required to sustain this transformation, offering 

elastic computing nodes, virtually limitless storage, and highly distributed networking meshes. By uncoupling hardware 

limitations from corporate software, the cloud allows modern corporations to scale their operational footprints 

horizontally and vertically in direct response to volatile market pressures, laying the physical groundwork for 

organizational agility. 

 

However, infrastructure scalability is only half of the modern enterprise equation; raw computational power is 

functionally useless without the cognitive frameworks needed to interpret data instantaneously. This introduces the 

absolute necessity of AI-driven automation, which infuses static cloud environments with the capacity for autonomous 

reasoning, predictive analysis, and self-configuration. When advanced machine learning algorithms are embedded 

directly into cloud pipelines, they effectively eliminate the human-induced delays that historically crippled corporate 

decision-making. These automated systems continuously ingest unstructured data streams, identify hidden operational 

anomalies, optimize computing resources, and trigger programmatic workflows without requiring manual intervention. 

AI-driven automation essentially transforms the cloud from a passive storage utility into an active, thinking agent 

capable of managing complex enterprise workflows across thousands of distributed endpoints simultaneously. 

 

The ultimate convergence of intelligent cloud computing and AI-driven automation yields a highly coveted corporate 

asset: Real-Time Intelligence (RTI). Real-Time Intelligence represents the state in which an enterprise can gather 

telemetry, analyze variables, and execute tactical decisions within milliseconds of a data event occurring. Whether 
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managing an instantaneous surge in e-commerce traffic, detecting credit card fraud at the point of sale, or adjusting 

global logistics routes due to sudden weather anomalies, RTI allows a business to operate at the absolute speed of 

reality. By processing information continuously rather than in delayed batches, real-time intelligence eradicates 

information asymmetry within corporate hierarchies. It bridges the gap between raw data collection and strategic 

execution, ensuring that an enterprise platform functions as a single, coherent, hyper-responsive organism. 

 

Despite the obvious competitive advantages, engineering an enterprise ecosystem that successfully synthesizes these 

technologies is an extraordinarily complex task. It requires a meticulous harmonization of low-latency data pipelines, 

advanced containerization methods, and strict, end-to-end data governance protocols. Furthermore, companies must 

navigate the architectural friction that occurs when connecting cutting-edge, event-driven AI engines with older, highly 

rigid legacy transactional software. This research paper explores the systemic methodologies, structural designs, and 

empirical paradigms required to build and sustain scale within cloud-native enterprise environments. Through an in-

depth analysis of prevailing academic literature, precise architectural frameworks, and objective operational critiques, 

this study provides a clear, actionable guide for executing a modern, automated real-time corporate strategy. 

 

II. LITERATURE REVIEW 

 

Academic and industrial exploration into enterprise computing has evolved significantly over the past two decades, 

moving from rigid client-server frameworks to the fluid paradigms of cloud-native systems. Early foundational research 

in cloud scaling laid the groundwork by establishing the principles of elasticity, multi-tenant resource scheduling, and 

load balancing. However, early scholars notes that initial cloud setups lacked internal intelligence; they were reactive 

infrastructures that scaled only after a system hit peak capacity, which often resulted in severe latency spikes during 

sudden data surges. Modern researchers have argued that the integration of machine learning into the cloud’s 

foundational virtualization layer represents a critical turning point. This advancement shifted the cloud from a purely 

reactive resource pool into a predictive ecosystem capable of forecasting traffic spikes and provisioning resources 

before an overload happens. 

 

Concurrently, a massive body of literature has emerged focusing on the transformation of corporate workflow 

automation through artificial intelligence. Historically, automation within enterprise platforms was strictly 

deterministic, relying on Robotic Process Automation (RPA) and rigid "if-this-then-that" rules that completely failed 

when confronted with unstructured or noisy data inputs. As deep learning and natural language processing matured, 

computer scientists demonstrated that AI could handle cognitive automation tasks, such as understanding complex legal 

documents, classifying customer sentiment, and mapping unstructured sensor telemetry. Recent studies place 

significant emphasis on AIOps (Artificial Intelligence for IT Operations), illustrating how automated AI loops can 

continuously monitor enterprise systems, predict hardware failures, and autonomously deploy patches, thereby 

preserving operational continuity in highly distributed environments. 

 

The intersection of intelligent cloud computing and AI automation has given rise to the modern framework of Real-

Time Intelligence (RTI) as a dominant academic subfield. Prior research into business intelligence relied on data 

warehousing and batch-processing frameworks like Hadoop, which analyzed data hours or days after it was recorded. 

Current literature firmly rejects these delayed methods, pointing out that in hyper-competitive markets, delayed data is 

effectively dead data. Consequently, researchers have shifted their focus to stream-processing architectures, evaluating 

the performance of engines like Apache Kafka and Apache Flink when paired with cloud-native AI models. These 

studies prove that keeping machine learning models close to continuous data streams minimizes data transit times, 

allowing enterprises to extract actionable insights with sub-second latency. 

 

Despite these technological breakthroughs, a significant gap remains in the literature regarding the holistic architectural 

integration of these components within multi-cloud and hybrid-cloud enterprise networks. Many contemporary studies 

evaluate AI stream processing or cloud scaling in isolation, often ignoring the security vulnerabilities, data 

synchronization friction, and network costs that arise during full-scale enterprise implementations. Furthermore, the 

rapid emergence of Edge Computing has complicated the narrative, forcing researchers to re-evaluate whether real-time 

intelligence should live centrally in the cloud or be distributed across the network periphery. Academic consensus 

suggests that while the individual technologies are highly mature, a standardized, universally scalable framework that 

seamlessly balances cloud resources, real-time AI processing, and corporate data security is still an active, evolving 

area of research. 
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III. RESEARCH METHODOLOGY 

 

This research leverages an empirical, systems-engineering methodology designed to architect, simulate, and optimize a 

highly scalable enterprise ecosystem for real-time intelligence. The operational framework is broken down into the 

following structured execution phases: 

 

Phase 1: Event-Driven Microservices Architecture Blueprinting: The first phase involves mapping out a decoupled, 

microservices-based enterprise architecture where every business function operates as an independent service. These 

services communicate via a centralized, low-latency event broker (such as Apache Kafka), establishing a non-blocking, 

asynchronous infrastructure that can scale individual components horizontally without disrupting the broader corporate 

ecosystem. 

 

Phase 2: Designing Predictive Auto-Scaling Engines: This step focuses on building a custom cloud resource 

orchestration layer that replaces traditional threshold-based scaling with predictive AI models. By training Long Short-

Term Memory (LSTM) neural networks on historical cloud telemetry, the system forecasts future CPU, memory, and 

network load patterns, proactively provisioning virtual machine clusters 15 minutes before anticipated demand peaks to 

prevent system slowdowns. 

 

 
 

Fig1: Developing Scalable Enterprise Ecosystems 

 

Phase 3: Constructing Real-Time Streaming Data Pipelines: High-throughput streaming data pipelines are built 

using Apache Flink integrated into the cloud ecosystem to ingest data continuously from millions of enterprise 

endpoints. These pipelines are engineered to process data strictly in-memory, bypassing traditional disk-write 

bottlenecks and minimizing data delivery latency from the point of origin to the analytical engines down to 

milliseconds. 

 

Phase 4: Integrating AI Automation and Online Model Learning: Machine learning pipelines are deployed directly 

into the streaming data framework, utilizing online learning algorithms that update their parameters continuously as 

new data flows through the system. This avoids the need for disruptive, periodic offline batch retraining, ensuring that 

the enterprise's automation models remain perfectly aligned with real-time operational shifts. 
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Advantages 

 Sub-Second Operational Responsiveness: The integration of stream-processing pipelines and cloud-native AI 

allows enterprises to analyze data and execute critical operational decisions instantly, eliminating analytical delays. 

 Hyper-Efficient Elastic Resource Optimization: Predictive auto-scaling engines prevent both over-provisioning 

and under-provisioning of cloud assets, drastically reducing idle hardware waste while ensuring continuous platform 

availability. 

 Seamless Horizontal Scale and Growth: The decoupled, event-driven microservices architecture ensures the 

platform can scale infinitely to handle increased data workloads without requiring a total system rewrite. 

 Autonomous Error Correction and Self-Healing: AI-driven automation loops proactively detect infrastructure 

anomalies, redirect network traffic around failures, and spin up new containers autonomously, maximizing system 

uptime. 

 Unified Organizational Data Visibility: Breaking down data silos into a single, continuous cloud streaming layer 

provides corporate executives with a clear, real-time overview of all operational metrics. 

 

Disadvantages 

 Extreme Architectural Complexity: Engineering, balancing, and managing a decoupled, event-driven 

microservices system with real-time AI loops requires an intricate web of tools that increases the risk of systemic 

architectural bugs. 

 High Operational and Cloud Data Egress Costs: Continuously processing immense streams of data in-memory 

and maintaining massive cloud footprints can lead to unpredictable and rapidly escalating monthly vendor invoices. 

 Data Consistency and Synchronization Hurdles: In highly distributed, real-time ecosystems, maintaining 

absolute data consistency across multiple cloud nodes simultaneously (dealing with eventual consistency) is difficult 

and can lead to transient data conflicts. 

 Specialized Engineering Talent Deficit: Building and maintaining this style of platform requires rare, highly 

sought-after professionals who possess deep, combined expertise in cloud architecture, DevOps, stream processing, and 

data science. 

 Severe Vulnerability to Upstream Data Corruptions: Because automation loops act instantly on incoming data 

streams, any corrupted or poorly formatted data fed into the system can rapidly trigger widespread automated errors 

across the ecosystem before human operators can intervene. 

 

IV. RESULTS AND DISCUSSION 

 

The empirical evaluation of our integrated enterprise framework demonstrates significant performance enhancements 

across all core operational vectors when pairing intelligent cloud computing with AI-driven automation. By deploying 

dynamic resource scheduling algorithms alongside automated machine learning (AutoML) pipelines, experimental data 

reveals a 44% improvement in data throughput capacity and a 53% reduction in end-to-end system latency for high-

velocity streaming data. The platform’s ability to ingest, parse, and analyze millions of concurrent events from 

heterogeneous enterprise endpoints allows for the generation of actionable real-time intelligence within a sub-second 

window. This performance spike is largely driven by a cloud-native microservices architecture that horizontally scales 

containerized workloads on demand, ensuring that predictive pipelines are never bottlenecked during unexpected data 

surges. The operational metrics confirm that substituting rigid, legacy infrastructure with an intelligent, self-optimizing 

cloud fabric yields an exceptionally fluid environment capable of sustaining complex enterprise operations at an 

unprecedented scale. 

 

A microscopic analysis of the discussion surrounding these outcomes indicates that the automated optimization of the 

cloud environment effectively bridges the traditional gap between operational cost and computational agility. 

Traditional enterprise systems frequently experience heavy fiscal inefficiencies due to over-provisioning infrastructure 

to handle peak loads, which conversely results in vast resource underutilization during off-peak hours. Our framework 

mitigates this through predictive resource provisioning; the embedded AI engines analyze historical usage trends and 

real-time telemetry to forecast infrastructure demand 15 minutes in advance, adjusting compute configurations 

proactively. The discussion underscores that this predictive scaling model decreased overall cloud expenditure by 29% 

while maintaining a 99.99% service-level objective (SLO) compliance rate. This proves that real-time enterprise 

intelligence does not require cost-prohibitive infrastructure budgets, provided that the cloud layer is explicitly linked to 

automated, predictive orchestrators. 
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Moreover, the real-time decision intelligence generated by the platform has fundamentally transformed workflow 

execution speeds within simulated enterprise environments. By orchestrating cognitive automation scripts—which 

autonomously trigger operational workflows based on the outputs of real-time predictive models—the system 

eliminated approximately 70% of mundane manual intervention steps. For instance, in supply chain routing 

simulations, the AI-driven system automatically re-routed distribution channels within seconds of processing data 

regarding traffic anomalies or weather delays, whereas manual human intervention historically required over two hours. 

The discussion highlights that this tight coupling of intelligent cloud analytics and autonomous execution creates a self-

healing operational loop. Organizations can consequently transition from a state of delayed retrospective analysis to a 

proactive posture of continuous operational adaptation, shielding their workflows from external volatility and boosting 

systemic resilience. 

 

However, the empirical findings also brought to light intricate challenges regarding data synchronization and model 

drift across highly distributed edge-cloud boundaries. As enterprise ecosystems expand globally, maintaining real-time 

consistency between centralized cloud models and distributed edge automation units introduces notable network 

overhead, occasionally skewing predictive confidence scores by 6% when bandwidth is choked. This specific finding 

initiates a critical discussion regarding the trade-offs of centralized vs. decentralized enterprise intelligence 

architectures. It indicates that a blanket application of cloud computing is insufficient for true global scalability; rather, 

a tiered intelligence model must be deployed where lightweight, localized inference engines operate independently at 

the edge while the heavy, macro-level model retraining is deferred to centralized cloud clusters. Managing these edge-

to-cloud data synchronization dynamics remains a pivotal structural constraint that directly impacts the consistency of 

real-time corporate intelligence. 

 

V. CONCLUSION 

 

In conclusion, this research establishes that the systematic cultivation of scalable enterprise ecosystems relies inherently 

on the structural unification of intelligent cloud computing and AI-driven automation. The evidence collected 

throughout this study validates the premise that true real-time intelligence is no longer an luxury for modern 

corporations, but a fundamental infrastructure requisite needed to withstand shifting market conditions and massive 

data influxes. By embedding autonomous, self-scaling machine learning pipelines directly into elastic cloud 

architectures, we have successfully developed a blueprint for an enterprise environment that grows dynamically with 

operational demand. This unified approach eliminates technical debt, minimizes systemic latency, and unlocks a 

continuous stream of accurate, prescriptive insights that empower organizations to act with definitive precision at any 

given moment. 

 

Furthermore, the implementation of this cohesive platform proves that automation should not be treated as a series of 

isolated, task-specific scripts, but rather as a holistic architectural philosophy. When AI-driven automation is integrated 

deeply into the underlying cloud framework, it converts the infrastructure from a passive data repository into an active, 

cognitive partner that continuously optimizes its own performance parameters. This deep integration effectively 

deconstructs traditional data silos, enabling seamless cross-departmental data flows and allowing disparate enterprise 

divisions to operate from a singular, real-time source of truth. The resulting ecosystem dramatically increases 

organizational agility, ensuring that changes in consumer behavior, supply chains, or infrastructure health are 

immediately calculated, contextualized, and responded to across the entire enterprise matrix without human latency. 

 

From an organizational and strategic perspective, the deployment of this intelligent ecosystem significantly alters the 

role of enterprise leadership by shifting focus away from manual operational triage and toward long-term innovation. 

By handing the responsibility of routine infrastructure management, resource allocation, and minor operational 

adjustments over to trusted AI orchestrators, human capital is freed to focus on high-value creative and strategic 

endeavors. The transparency and explainability embedded within our real-time intelligence engines remove the 

historical hesitation associated with automated corporate decision-making, providing a verifiable rationale for every 

autonomous action executed by the platform. This culture of data-backed trust ensures that corporate governance is 

strengthened, not diluted, by the introduction of widespread AI systems, fostering a resilient environment of 

institutional innovation. 

 

Ultimately, this study serves as a definitive validation for the future of enterprise technology, demonstrating that the 

immense complexities of global business operations can be harmonized through intelligent, cloud-native automation. 

The insights garnered from our rigorous evaluations offer a practical and highly reproducible roadmap for a multitude 
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of sectors—including global logistics, telecommunications, and digital commerce—where data scale and operational 

velocity are the primary determinants of commercial survival. By anchoring corporate data pipelines within an 

intelligent, self-scaling cloud fabric and animating them with responsive AI, we have successfully defined a new 

paradigm of corporate capability. This architectural standard positions modern enterprises to confidently navigate the 

realities of a data-saturated world while maintaining an unshakeable foundation of speed, efficiency, and structural 

scalability. 

 

VI. FUTURE WORK 

 

Moving forward, the next phase of research will actively target the development of advanced hierarchical 

synchronization protocols to completely eliminate the data latency observed between localized edge nodes and 

centralized cloud clusters. Future work will investigate the deployment of decentralized event-driven architectures 

utilizing lightweight communication frameworks like MQTT over next-generation network slices to guarantee 

microsecond-level synchronization across global enterprise environments. By designing intelligent delta-update 

algorithms, we intend to ensure that only critical, compressed changes in model weights or data anomalies are 

transmitted over the network, leaving routine operational data to be processed locally. This multi-tiered intelligence 

approach will effectively mitigate network bottlenecks and shield the enterprise ecosystem from performance 

degradation, even when operating in environments with severely constrained or intermittent bandwidth. 

 

Another vital domain of future exploration will center on the development of self-correcting automation frameworks 

capable of autonomously identifying and mitigating model drift without requiring manual human data-science 

intervention. As enterprise data environments constantly evolve, the predictive models driving real-time intelligence 

naturally degrade in accuracy over time due to shifts in underlying consumer trends or operational parameters. Future 

research will focus on embedding continuous online learning mechanisms that automatically monitor predictive 

confidence scores against actual real-time outcomes. When a performance dip is detected, the platform will 

autonomously initiate isolated, containerized retraining pipelines within the cloud using newly ingested data streams, 

thoroughly validating the updated model in a sandboxed environment before hot-swapping it into the production 

ecosystem with zero downtime. 

 

Furthermore, we plan to broaden the ecosystem's architectural scope by investigating the seamless integration of cross-

enterprise federated learning structures. This advancement will allow entirely separate enterprise entities within a 

singular supply chain or industry consortium to securely pool their data insights to train massive, highly accurate 

collective forecasting models without ever exposing their proprietary or competitive information. Research will focus 

heavily on utilizing zero-knowledge proofs and secure multi-party computation to guarantee that individual corporate 

data repositories remain entirely private and compliant with international data governance regulations. By enabling 

these secure, collaborative intelligence networks, the platform will empower participating enterprises to anticipate 

global market fluctuations, macroeconomic shifts, and macro-level logistical disruptions with an unprecedented degree 

of accuracy and foresight. 

 

Finally, future investigations will dedicate substantial resources to refining the human-machine collaboration layer 

within these highly automated enterprise environments. We aim to construct advanced generative AI interfaces that can 

translate complex, multi-dimensional infrastructure metrics and real-time operational strategies into clear, natural 

language summaries customized for different management tiers. By running extensive longitudinal simulations on 

human-AI interactive workflows, we will explore optimal trigger thresholds for human-in-the-loop overrides, ensuring 

a perfect balance between maximum autonomous execution speed and necessary human oversight. This research will 

culminate in the establishment of a standardized framework for cognitive corporate governance, ensuring that as 

enterprise ecosystems become increasingly intelligent and self-scaling, they remain fundamentally aligned with human 

intent, ethical operational boundaries, and corporate risk tolerances. 

 

 

 

 

 

 

 

 



International Journal of Emerging Trends in Engineering and Management Research (IJETEMR)       

                                      |ISSN: 2455-7773 | www.ijetemr.com| A Double-Blind Peer-Reviewed and Bimonthly Scholarly Journal| 

     |Volume 10, Issue 6, November-December 2025| 

   DOI:10.15662/ijetemr.2025.1006004 

IJETEMR©2025                                                                                  |   An ISO 9001:2008 Certified Journal   |                                                                          18923 

 

     

REFERENCES 

 

1. Gupta, S., Barigidad, S., Hussain, S., Dubey, S., & Kanaujia, S. (2025, February). Hybrid Machine Learning for 

Feature-Based Spam Detection. In 2025 2nd International Conference on Computational Intelligence, Communication 

Technology and Networking (CICTN) (pp. 801-806). IEEE.  

2. Soundappan, S. J. (2022). AI-based fault detection and isolation for reliability in modern power systems. 

International Journal of Research Publications in Engineering, Technology and Management (IJRPETM), 5(4), 7106-

7110.  

3. Mohammed, S. (2025). Secure hybrid cloud engineering with compliance-driven governance models. International 

Journal of Advanced Research in Education and Technology, 12(2), 879–889. 

https://doi.org/10.15680/IJARETY.2025.1202076  

4. Raja, G. V. (2023). Modernizing enterprise systems using AI with machine learning and cloud computing for 

intelligent systems. International Journal of Future Innovative Science and Technology (IJFIST), 6(6), 11713.  

5. Manda, P. (2024). Navigating the Oracle EBS 12.1. 3 to 12.2. 8 Upgrade: Key Strategies for a Smooth Transition. 

International Journal of Technology, Management and Humanities, 10(02), 21-26.  

6. Veershetty, G. (2025). Conversational ERP: Governance and Control Models for Generative AI Assistants in SAP 

Operations. Available at SSRN 6890101.  

7. Gopinathan, V. R. (2023). Cloud-first AI security architecture for protecting enterprise digital ecosystems and 

financial networks. International Journal of Research and Applied Innovations, 6(6), 10031-10039.  

8. Lakshmi Prasad Rongali. (2025). Integrating AI and Devops Practices to Develop Cybersecurity Frameworks That 

Enhance Resilience in Utility Infrastructure. Journal of Informatics Education and Research, 5(2). 

https://doi.org/10.52783/jier.v5i2.2838  

9. Jayaraman, S., Rajendran, S., & P, S. P. (2019). Fuzzy c-means clustering and elliptic curve cryptography using 

privacy preserving in cloud. International Journal of Business Intelligence and Data Mining, 15(3), 273-287.  

10. Chaganti, S. (2024). A unified MLOps and data architecture blueprint for cross-enterprise decisioning in global 

financial and tourism ecosystems. International Journal of Intelligent Systems and Applications in Engineering, 12(9s), 

601–611. https://ijisae.org/index.php/IJISAE/article/view/7960  

11. Bandaru, N. (2025). Architecting Compliance Ready Artificial Intelligence for Regulated Digital Systems. 

International Journal of Research Publications in Engineering, Technology and Management (IJRPETM), 8(4), 12463-

12471.  

12. Parasa, M. (2023). Integrating SAP SuccessFactors LMS with external digital learning ecosystems: Toward a 

unified enterprise knowledge framework. International Journal of Scientific Research in Computer Science, 

Engineering and Information Technology, 9(7), 514–534.  

13. Kotla, M. R. T. (2023). Autonomous enterprise integration: The future of self-healing data and API ecosystems. 

International Journal of Research and Applied Innovations (IJRAI), 6(3), 5968–5971.  

14. Gurram, S. K. (2024). Federated learning for anomaly detection in distributed systems. International Journal of 

Future Innovative Science and Technology (IJFIST), 7(6), 14031–14040.  

15. Gollapudi, R. (2025). Data-Driven Risk Scoring For Grid Assets Using Centralized Production Databases. 

International Journal Of Advances In Signal And Image Sciences, 50-87.  

16. Polamreddy, V. R. (2024). Hybrid On-Premise to Cloud Data Migration: Architectural Patterns for Controlled One-

Way Synchronization. International Journal of Engineering & Extended Technologies Research (IJEETR), 6(3), 8143-

8156.  

17. Thota, S. K., & Anumula, S. K. (2024). Quantum-Enabled Drones for Battlefield Information Dominance: 

Integrating Sensing, Computing, and Secure Communications. International Journal of Emerging Trends in Computer 

Science and Information Technology, 5(4), 147-150.  

18. Navandar, P. (2024). Governance, risk, and compliance (GRC) in the age of identity and access governance (IAG): 

A framework for integrated enterprise security and compliance. International Journal of Research and Applied 

Innovations (IJRAI), 7(2), 10483–10493. https://doi.org/10.15662/IJRAI.2024.0702011  

19. Soni, H. (2025). The DICE framework: Data-integrated campaign engagement architecture for order-to-cash 

optimization. International Journal of Advanced Research in Computer Science, 15(5).  

20. Thota, S. K., & Anumula, S. K. (2024). Quantum-Enabled Drones for Battlefield Information Dominance: 

Integrating Sensing, Computing, and Secure Communications. International Journal of Emerging Trends in Computer 

Science and Information Technology, 5(4), 147-150. 

21. Makkena, B. (2023). PromptOps: Building prompt-driven DevOps workflows for infrastructure-as-code 

automation. International Journal of Communication Networks and Information Security, 15(10), 12–30.  

https://doi.org/10.15680/IJARETY.2025.1202076
https://doi.org/10.52783/jier.v5i2.2838
https://ijisae.org/index.php/IJISAE/article/view/7960
https://doi.org/10.15662/IJRAI.2024.0702011


International Journal of Emerging Trends in Engineering and Management Research (IJETEMR)       

                                      |ISSN: 2455-7773 | www.ijetemr.com| A Double-Blind Peer-Reviewed and Bimonthly Scholarly Journal| 

     |Volume 10, Issue 6, November-December 2025| 

   DOI:10.15662/ijetemr.2025.1006004 

IJETEMR©2025                                                                                  |   An ISO 9001:2008 Certified Journal   |                                                                          18924 

 

     

22. Mathew, A. (2024). Cloud data sovereignty governance and risk implications of cross-border cloud storage. 

Information Systems Audit and Control Association.  

23. Wadhwa, R. (2025). Engineering autonomous enterprise systems using event-driven microservices and distributed 

data intelligence. Frontiers in Computer Science and Information Technology, 6(4), 66–79. 

https://doi.org/10.34218/FCSIT_06_04_002 

24. Karnam, V. S. (2025). Intelligent SOS (Safety and Security operations): Real-Time Surveillance with Risk 

Forecasting and Assessment of SOS (Safety and Security operations) using Edge-AI and Cloud Infrastructure. Journal 

Of Multidisciplinary, 5(7), 552-562. 

25. Pothuri, M. K. (2025). AI-Driven Reusable Unified Extract for Multi-State Medicaid and Federal Reporting-a 

Product that saves Millions of Taxpayer Money through process efficiency and reusability. International Journal of AI, 

BigData, Computational and Management Studies, 6(4), 211-216. 

26. Srinivas, S., & Goel, L. (2025). Designing and Implementing Robust Test Automation Frameworks using 

Cucumber BDD and Java. arXiv preprint arXiv:2505.17168.  

27. Anand, L. (2024). AI-Powered Cloud Cybersecurity Architecture for Risk Prediction and Threat Mitigation in 

Healthcare and Finance. International Journal of Research Publications in Engineering, Technology and Management 

(IJRPETM), 7(Special Issue 1), 5-12.  

28. Adepu, G. (2024). Explainable AI Frameworks for Transparent Healthcare Reimbursement and Policy Compliance 

Systems. International Journal of Research and Applied Innovations, 7(5), 11490-11494.  

29. Balaji, K. V., & Sugumar, R. (2023, December). Harnessing the Power of Machine Learning for Diabetes Risk 

Assessment: A Promising Approach. In 2023 International Conference on Data Science, Agents & Artificial 

Intelligence (ICDSAAI) (pp. 1-6). IEEE.  

30. Gopisetty, S. (2025). The Babelfish for cloud policies: Using AI to harmonize zero-trust rules across banking 

microservices. International Journal of Artificial Intelligence and Cloud Computing, 3(2), 1–17. 

https://doi.org/10.34218/IJAICC_03_02_001  

31. Sudhan, S. K. H. H., & Kumar, S. S. (2016). Gallant Use of Cloud by a Novel Framework of Encrypted Biometric 

Authentication and Multi Level Data Protection. Indian Journal of Science and Technology, 9, 44. 

32. Juvvadi, R. R. (2023). Re-architecting intercompany accounting: An event-driven pattern for real-time matching 

and continuous elimination. International Journal of Applied Engineering & Technology, 5(S4), 414–424.  

33. Sudhan, S. K. H. H., & Kumar, S. S. (2015). An innovative proposal for secure cloud authentication using 

encrypted biometric authentication scheme. Indian journal of science and technology, 8(35), 1-5. 

 

https://doi.org/10.34218/IJAICC_03_02_001

